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Abstract - In this paper, we propose an Automated Interview 

Evaluator with the use of Natural Language Processing (NLP). 

The system simulates interviews, assesses candidate answers, and 

produces a structured feedback report. It combines a web 

frontend, Python Flask backend, SQL database, and Google 

Gemini AI engine and allows for voice usage through speech 

recognition and text-to-speak. 
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I. INTRODUCTION 

Recruiting is an essential activity for an organization whose 
impact is directly linked to success and its long-term 
productivity. Interviews are still the most frequently used 
technique to evaluate technical knowledge, communication 
skills, personality, and problem-solving ability among the 
different techniques for evaluating candidates. That said, many 
of the conventional approaches (e.g., Hawthorne effect, verbal 
reports, questionnaires, interviews) have their own limitations 
in terms of interviewer bias, reliability of evaluation, time 
requirements, and scalability. This sort of problem that also 
helps maintain the fairness and effectiveness especially for big 
batch recruitments. 

 

EASE OF USE 

 

A. User-Friendly Interface 

AIHumanized taskThe Automated Interview Evaluator is 

built based on Modus operandi Evaluation rather than 

written test and it considers mobile friendliness. The 

frontend is written in HTML, CSS, and JavaScript, and 

has a minimal chat interface on which candidates can 

speak to the bot in a natural manner. 

 

B. Maintaining System Integrity 

The system’s all parts are coordinated for its guaranteed 

work and its steady performance. The backend (Python 

Flask) securely processes API calls, interfaces with the 

SQL database and the AI engine. Password hashing, 

session based authentication, and so on, all together keep 

your data on the users safe. 

C. Abbreviations and Acronyms 

• AI – Artificial Intelligence 

• NLP – Natural Language Processing 

• LLM – Large Language Model 

• SQL – Structured Query Language 

• API – Application Programming Interface 

• HTML – HyperText Markup Language 

• CSS – Cascading Style Sheets 

Each abbreviation is defined at its first occurrence in the 
text to ensure clarity. Commonly known terms such as AI and 
NLP are used consistently throughout the paper. 

 

D. Units 

In this study, the results of the evaluations are given in 

percentage scores (%) and numeric ratings on a 1–10 scale. 

Candidate quality metrics (e.g. accuracy, fluency, 

confidence) are reported consistently with these units. For 

clarity, a leading zero is included before decimal values 

(e.g. 0.85 instead of .85). The length of the interview is in 

minutes (min) and the sizes of the databases are measured 

in megabytes (MB), when relevant. 

E. Equations 

Candidate evaluation is represented mathematically to ensure 

consistency and transparency. The overall score S is calculated 

as a weighted average of individual metrics: 

S=wa⋅A+wf⋅F+wc⋅Cwa+wf+wc 

where: 

• A = Accuracy score (%) 

• F = Fluency score (%) 

• C = Confidence score (%) 

• wa, wf,wc = respective weights assigned to each 

metric. 
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Equation (1) ensures that candidate performance is evaluated 

fairly by combining multiple quality indicators. The weights 

can be adjusted depending on the requirements of the recruiter 

or organization. 

F. Some Common Mistakes 

• Treating the word “data” as singular instead of plural. 

• Using abbreviations (e.g., NLP, AI, SQL) without 

defining them at first occurrence. 

• Mixing inconsistent units when reporting evaluation 

results (e.g., percentages with raw counts). 

• Writing decimal values without a leading zero (e.g., 

.85 instead of 0.85). 

• Confusing technical terms such as “training” and 

“testing” datasets, or “accuracy” and “precision.” 

• Using informal words like “basically” or 

“essentially” in place of precise technical 

descriptions. 

• Misinterpreting homophones such as “affect” and 

“effect” in evaluation reports. 

• Failing to maintain consistency in formatting 

candidate scores and interview durations. 

 

II. SYSTEM FRAMEWORK 

After the completion of the design and coding of the modules, 

the system can then be de-ployed. The backend is written in 

Python Flask, which supports the API calls, and interfaces 

with the SQL database and the AI engine. The frontend, which 

was built with HTML, CSS and JavaScript, allows candidates 

to have a friendly user experience when using the evaluator. 

The system combines authentication, session management, 

and secure data handling to provide trustworthiness. When 

the modules are linked together, the platform is formatted 

with a look-and-feel that is consistent and with a rather 

defined workflow, and that are ready for the evaluation. 
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Candidat 

e 
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e (1–10) 
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l Score 

(%) 

A 85 78 8 82 

B 90 80 9 87 

C 88 75 7 83 
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