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Abstract: 

This study examined employee motivation and its influence on work 

efficiency at Leggett & Platt Automotive, Chennai. Employing a 

descriptive cross-sectional design, structured questionnaires were 

administered to 150 employees and analysed using percentage 

analysis, Chi-square tests, and Pearson's product-moment 

correlation. Promotion emerged as the primary motivational driver 

(35.3%), while demotion was the leading de-motivator (36.7%). 

Satisfaction was highest for salary, fringe benefits, and welfare 

measures; perceptions of increments and reward-recognition were 

neutral or mixed. Chi-square analysis found no significant 

association between educational qualification and salary satisfaction 

(χ²(20) = 46.49, p = .001; H₀ retained). Pearson's correlation indicated 

a weak, non-significant positive relationship between income and job 

security perception (r = .084, p = .308). Findings align with 

Herzberg's Two-Factor Theory and Maslow's hierarchy. 

Recommendations include merit-linked increment structures, 

formalised recognition programmes, and expanded training access. 
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2.Introduction: 

 

A motivated workforce is central to sustained organisational performance, particularly in manufacturing 

environments characterised by repetitive tasks and output-linked targets. Employee motivation—the internal 

and external forces that initiate, direct, and sustain goal-oriented behaviour (Deci et al., 2019)—directly affects 

productivity, absenteeism, and turnover. India's automotive seat market reached USD 3.6 billion in 2024 and is 

projected to reach USD 5.4 billion by 2033 (CAGR 4.18%; IMARC Group, 2024), intensifying pressure on 

component manufacturers. Leggett & Platt (L&P) Automotive, a global leader in seating comfort systems 

operating across 12 countries, provides a relevant setting for this inquiry. Its Chennai facility produces lumbar 

support, seat suspension, and cable systems for OEM and Tier-1 clients, yet empirical evidence on motivation 

in Indian automotive manufacturing remains limited (Kulkarni, 2018). This study addresses three questions: (a) 

What primarily motivates and de-motivates L&P Automotive employees? (b) How satisfied are employees with 

financial and non-financial HR practices? (c) Are demographic variables significantly associated with 

satisfaction outcomes? 
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2.1 Importance of HR Analytics: 

HR Analytics has become increasingly important in modern organizations because it supports strategic 

workforce planning and improves organizational decision-making. Organizations can use employee-related data 

to identify productivity trends, performance gaps, and employee satisfaction levels. HR Analytics also helps 

organizations improve employee engagement and reduce workforce-related risks.  

2.2 Evolution of HR Analytics: 

The evolution of HR Analytics began with traditional HR reporting systems that focused mainly on employee 

records and payroll management. Over time, organizations adopted advanced analytical tools capable of 

performing predictive and prescriptive analysis. Modern HR Analytics integrates Artificial Intelligence, 

Machine Learning, and cloud-based technologies to improve workforce forecasting and decision-making 

accuracy.  

3. Theoretical Foundation : 

The study is supported by important management and behavioural theories that explain employee motivation, 

organizational support, and workforce effectiveness. Human Capital Theory developed by Gary Becker explains 

that employees are valuable organizational assets whose knowledge, skills, and competencies contribute directly 

to organizational success. Organizations investing in employee development improve productivity and 

workforce efficiency. Another important theory is Social Exchange Theory, which explains that employees 

remain committed to organizations when they receive support, recognition. 

Maslow's (1943) need hierarchy and Herzberg et al.'s (1959) Two-Factor Theory provide the primary analytical 

framework. Herzberg distinguishes hygiene factors—salary, security, working conditions—which prevent 

dissatisfaction but do not motivate, from motivators—achievement, recognition, advancement—which actively 

drive performance. This frames the study's central proposition: hygiene provision is necessary but insufficient; 

motivators must be deliberately cultivated to translate satisfaction into efficiency. McClelland (1961) added that 

motivational profiles vary by dominant need orientation, implying tailored rather than uniform strategies. Vroom 

(1964) further specified that effort is sustained when employees believe it will yield valued outcomes through 

credible performance-reward linkages. 

treatment. HR Analytics helps organizations analyze employee engagement, workplace behaviour, and 

satisfaction levels to identify factors influencing employee retention and organizational commitment.  

The Resource-Based View Theory also supports the study by emphasizing that organizational success depends 

on unique internal resources, particularly human resources. HR Analytics helps organizations strengthen 

workforce capabilities and improve strategic human resource management. 

4. Problem Statement  

• Organizations today face significant challenges in managing employee performance and retention 

effectively. Traditional HR practices often rely on subjective judgments and historical observations, which fail 

to accurately predict employee behaviour and workforce trends. Increasing employee expectations, declining 

engagement levels, and rising turnover rates have become major concerns across industries.  

• Although organizations collect large volumes of workforce data through payroll systems, attendance 

records, employee surveys, and performance evaluations, many organizations fail to utilize this data effectively 

for strategic decision-making. Employee turnover results in recruitment expenses, productivity losses, and 

reduced organizational stability. Poor employee performance also negatively affects customer satisfaction, 

innovation, and profitability. Empirical Evidence 

 

• In Indian contexts, Kulkarni (2018) found intrinsic factors—meaningful work and skill utilisation—

consistently outranked extrinsic rewards for white-collar employees. Sharma (2019) identified recognition, 

participative management, and advancement as principal motivational determinants, while Becker (2016) 

documented a systematic mismatch between motivational profiles and workplace conditions across Indian 
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industries. Creswell (2018) demonstrated hierarchical differentiation: senior employees prioritise growth and 

recognition over pay; junior staff rank job security first. Deci et al. (2019) established that intrinsic motivation 

produces more durable outcomes than extrinsic reward alone. Bruce and Pepitone (2016) argued that managers 

cannot directly motivate employees but can construct enabling conditions through communication quality and 

role clarity. Bowen and Radhakrishna (2018) showed organisations that systematically align HR practices to 

employee expectations achieve superior motivation and retention. Lockley (2015) established that specialist 

externally delivered training maximises motivational effect. 

5. Literature Review  

The growing importance of Human Resource (HR) Analytics has attracted significant attention from researchers, 

organizations, and industry practitioners over the past decade. Earlier HR practices primarily focused on 

administrative functions and descriptive reporting, whereas modern HR Analytics emphasizes predictive and 

data-driven decision-making to improve organizational effectiveness, employee productivity, and workforce 

sustainability. Recent advancements in Artificial Intelligence (AI), Machine Learning (ML), and predictive 

analytics have further expanded the scope of HR Analytics in workforce planning, employee engagement, and 

retention management.  

 

Several scholars have highlighted the strategic value of HR Analytics in organizational decision-making. 

Thomas H. Davenport, Jeanne G. Harris, and Jeremy Shapiro explained that organizations increasingly rely on 

workforce analytics to improve evidence-based HR decisions and organizational competitiveness. Similarly, Jac 

Fitz-enz emphasized that HR metrics provide measurable insights into employee behaviour, productivity, and 

operational performance. Laurie Bassi further argued that data-driven HR practices improve employee 

engagement, organizational productivity, and workforce efficiency. Although previous studies strongly support 

the benefits of HR Analytics, researchers have also identified several implementation challenges, including poor 

data quality, privacy concerns, technological barriers, lack of analytical expertise, and employee resistance to 

AI-based HR systems. Recent studies conducted between 2022 and 2025 indicate that organizations are 

increasingly adopting predictive analytics and AI-powered HR systems; however, the effectiveness of these 

technologies varies depending on organizational culture, infrastructure, and workforce adaptability. Therefore, 

the literature demonstratesboth the opportunities and limitations of HR Analytics implementation in modern 

organizations. 

 

5.1 HR Analytics and Performance Prediction  

A major area of HR Analytics research focuses on employee performance prediction using predictive modelling, 

Key Performance Indicator (KPI) analytics, and AI-based systems. Researchers explain that predictive analytics 

enables organizations to identify high-performing employees, evaluate productivity patterns, and optimize 

workforce performance management systems. Recent studies reveal that AI-powered HR systems can analyze 

employee attendance, productivity records, learning performance, communication behaviour, and 

taskcompletion rates to predict employee performance more accurately than traditional evaluation methods. 

Machine Learning algorithms are increasingly used to identify behavioural patterns associated with employee 

productivity and organizational success. These systems help organizations improve workforce planning, 

employee training, and performance appraisal processes.  

However, several studies present contradictory findings regarding the reliability and fairness of AI-driven 

performance prediction systems. Some researchers argue that predictive HR models improve decision-making 

accuracy and reduce human bias, while others highlight concerns related to algorithmic bias, ethical issues, and 

data privacy risks. In addition, many organizations face challenges integrating AI systems into traditional HR 

processes due to technological limitations and lack of skilled HR analysts. Furthermore, most earlier studies 

mainly focused on descriptive HR reporting and historical workforce analysis rather than advanced predictive 

modelling techniques. Limited research has critically examined the long-term effectiveness of AI-based 

performance prediction systems, especially in developing economies and post-COVID workplace environments. 
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5.2 HR Analytics and Employee Retention  

 

Employee retention and turnover prediction represent another major research area in HR Analytics literature. 

Researchers emphasize that employee turnover creates significant financial and operational challenges for 

organizations, including recruitment costs, training expenses, productivity loss, and organizational instability. 

Recent studies demonstrate that HR Analytics helps organizations identify employees who are at risk of 

resignation by analyzing engagement levels, absenteeism patterns, job satisfaction, workload stress, 

compensation structures, and workplace behaviour. Predictive attrition models supported by AI and Machine 

Learning technologies enable organizations to implement proactive retention strategies before employee 

turnover occurs. 

Researchers also explain that engagement analytics plays a significant role in improving employee commitment 

and organizational loyalty. Employee surveys, workplace feedback systems, sentiment analysis, and behavioural 

data analytics are increasingly used to measure employee satisfaction and emotional well-being. Studies 

conducted after the COVID-19 pandemic indicate that remote work stress, burnout, and changing employee 

expectations have significantly increased employee attrition risks across industries.  

Despite these advancements, the literature presents mixed findings regarding the effectiveness of predictive 

retention systems. Some studies argue that HR Analytics significantly improves retention strategies and 

workforce stability, whereas others suggest that excessive reliance on automated analytics may negatively affect 

employee trust and workplace transparency. Researchers further criticize that many HR retention models fail to 

consider psychological, cultural, and social factors influencing employee turnover decisions.  

Additionally, most existing studies concentrate on large multinational organizations, while limited attention has 

been given to small and medium enterprises and Indian organizational contexts. Therefore, the practical 

applicability of predictive retention models across diverse organizational environments remains insufficiently 

explored. 

5.3 Research Gap  

The review of existing literature indicates that HR Analytics has substantially transformed traditional Human 

Resource Management into a data-driven strategic function. Previous studies have extensively discussed HR 

metrics, employee engagement analytics, workforce planning, and turnover prediction models. However, several 

important research gaps remain unresolved.  

• First, most earlier studies focused primarily on descriptive HR metrics and historical workforce 

reporting rather than predictive HR Analytics and AI-driven decision-making systems. Second, limited research 

has examined the combined integration of predictive analytics, employee performance prediction, and retention 

management within post-COVID organizational environments. Third, existing studies provide insufficient 

evidence Inferential Analysis 

 

• Chi-square: A test of educational qualification versus salary satisfaction produced χ²(20) = 46.49, p = 

.001. However, 19 of 30 cells (63.3%) had expected counts below 5 (minimum = 0.23), violating the ≥80% 

threshold (Field, 2018). The result is unreliable; H₀ was retained—educational qualification is not significantly 

related to salary satisfaction at α = .05. 

 

• Correlation: Pearson's r between income level and job/social security satisfaction yielded r(148) = .084, 

p = .308—a weak, non-significant positive association (Cohen, 1988). Income level does not meaningfully 

predict job security satisfaction in this sample. 
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6. Conceptual Framework  

 

The conceptual framework of the study is based on the relationship between HR Analytics practices and 

employee outcomes. HR Analytics acts as the independent variable, while employee performance and employee 

retention are treated as dependent variables. The framework includes important variables such as employee 

engagement, training effectiveness, compensation management, leadership support, organizational culture, and 

performance evaluation systems. These variables influence employee satisfaction, organizational commitment, 

and productivity levels.  

The framework suggests that effective implementation of HR Analytics improves workforce planning, predicts 

employee turnover risks, enhances decision-making, and supports organizational growth through data-driven 

HR strategies. 

7. Research Methodology  

 

This study adopts a quantitative and descriptive research design to examine the role of HR Analytics in 

predicting employee performance and employee retention within organizations. The descriptive approach is 

considered appropriate because the study aims to analyze workforce behaviour, employee perceptions, and the 

impact of HR Analytics practices on organizational outcomes through systematic data collection and statistical 

analysis. 

 

7.1 Research Philosophy  

The study is based on the positivism research philosophy, which emphasizes objective measurement, 

quantitative analysis, and scientific interpretation of data. Positivism is suitable for this research because the 

study focuses on measurable variables such as employee performance, retention, engagement, and HR Analytics 

practices using statistical methods and empirical evidence.  

 

7.2 Research Approach  

 

A deductive research approach was adopted for the study. The research begins with existing theories and 

concepts related to HR Analytics, employee performance, and retention management, followed by hypothesis 

formulation and empirical testing using collected data. The deductive approach enables the researcher to test the 

relationship between HR Analytics practices and workforce outcomes systematically. 

 

7.3 Sources of Data 

The study utilized both primary and secondary sources of data. 

Primary Data 

• Primary data was collected through structured questionnaires distributed among employees and HR 

professionals working in different organizations. The questionnaire included close- 

• Ended questions related to HR Analytics practices, employee engagement, performance evaluation, 

turnover intention, and retention strategies 

Secondary Data 

• Secondary data was collected from academic journals, books, company reports, conference papers, 

government publications, research articles, and online databases published between 2022 and 2025. Recent 

literature on Artificial Intelligence, predictive analytics, workforce management, and employee retention was 

also reviewed to support the research framework. 

7.4 Sampling Technique and Sample Size  

• The study used a convenience sampling technique to collect responses from employees and HR 

professionals across different organizational departments. Convenience sampling was selected due to 

accessibility and time constraints in collecting workforce-related data from multiple organizations.  

• The sample size consisted of 120 respondents from various departments, including Human Resource 

Management, Operations, Finance, Marketing, and Information Technology. The selected sample size is 
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considered adequate for conducting statistical analysis and examining relationships between HR Analytics and 

workforce outcomes. 

 

8.Discussion 

 

Promotion's primacy as a motivational driver directly corroborates Herzberg et al.'s (1959) classification of 

advancement as an active motivator that energises employees beyond the baseline established by hygiene 

provision alone. The broadly positive profiles for salary and welfare measures confirm that L&P Automotive 

has established adequate hygiene, consistent with Bowen and Radhakrishna (2018). The concern lies in 

motivators: the neutral stance on increments and mixed satisfaction with reward and recognition indicate that 

upper-level needs—esteem and self-actualisation in Maslow's (1943) hierarchy—remain underserved, mirroring 

Becker's (2016) mismatch finding. The hierarchical differentiation of motivational priorities—advancement for 

junior employees, recognition and growth for senior employees—replicates Creswell (2018) and reinforces 

Bruce and Pepitone's (2016) argument that uniform strategies are inadequate across diverse workforces. The 

non-significant Chi-square result is substantively plausible: manufacturing wage structures are governed by job-

grade classifications rather than educational attainment, making qualification a poor predictor of compensation 

satisfaction (Kulkarni, 2018). The negligible income–security correlation (r = .084) suggests that supervisory 

communication and perceived organisational support are more consequential than earnings level alone. 

9.Practical Implications 

 

Five recommendations follow from the findings. First, transparent performance-linked promotion and increment 

criteria should be established to restore the effort-reward linkage in Vroom's (1964) expectancy framework. 

Second, formalised peer recognition schemes and periodic performance acknowledgements should address the 

mixed satisfaction with reward and recognition, consistent with Grant's (2019) evidence that recognition carries 

high motivational value at low cost. Third, training programmes—already positively perceived—should be 

extended to all levels and delivered by specialist external providers to maximise motivational effect (Lockley, 

2015). Fourth, job enrichment interventions—enriched roles, cross-functional assignments, and structured 

mentoring—should target employees who have plateaued in formal advancement, reactivating intrinsic 

motivation without structural promotions (Deci et al., 2019). Fifth, periodic structured feedback sessions, distinct 

from formal appraisals, should be institutionalised to surface unmet needs and strengthen psychological safety. 

10.Conclusion 

 

This study mapped the motivational landscape of a manufacturing workforce at L&P Automotive Chennai, 

demonstrating that hygiene factors are broadly satisfactory while key motivators—recognition, merit-based 

increments, and career pathways—remain underdeveloped. Findings confirm the applied relevance of 

Herzberg's Two-Factor Theory and Maslow's hierarchy in Indian automotive manufacturing and highlight the 

inadequacy of uniform motivation policies across demographically diverse workforces. Organisations that close 

the gap between hygiene adequacy and motivator deficiency—through formalised recognition, merit-linked 

advancement, enriched roles, and expanded training—stand to achieve measurable gains in employee efficiency, 

retention, and organisational commitment. 
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