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Introduction

Artificial Intelligence (Al) and the increasing adoption of intelligent technologies have emerged as major forces shaping
economic transformation and social well-being. Advances in machine learning, automation, robotics, generative Al, and
data-driven technologies can significantly influence individuals, organisations, industries, and essential economic
institutions. Among the areas affected, the labour market is particularly important because technological change can
transform employment opportunities, occupational structures, skill requirements, productivity, wages, and the nature of
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work. Beyond these direct effects, Artificial Intelligence may also influence job security, career choices, labour mobility,
workplace decision-making, and the demand for new forms of human capital.

Employment plays a vital role in income generation, economic development, social mobility, human capital formation,
and the overall well-being of individuals. Workers require appropriate skills, employment opportunities, and supportive
institutional environments to participate effectively in an evolving labour market. However, the rapid adoption of Al-
driven technologies may alter the demand for labour by automating routine and repetitive tasks, augmenting human
capabilities, and creating new occupations and industries. While Al has the potential to enhance productivity, generate
new employment opportunities, improve efficiency, and support economic growth, it may also create challenges related
to job displacement, skill obsolescence, wage inequality, employment insecurity, and unequal access to technological
opportunities. Workers with limited digital skills and fewer opportunities for reskilling and upskilling may experience
greater difficulties in adapting to these changes.

Against this backdrop, the present study examines the impact of Artificial Intelligence on the future of the labour market,
with particular emphasis on its opportunities, challenges, and economic implications. It specifically investigates the
relationship between Al adoption and employment opportunities, job displacement, productivity, wages, skill
requirements, occupational transformation, and workers’ adaptability. The study also examines the factors influencing
workers’ vulnerability to Al-driven labour-market changes and evaluates the role of education, digital skills, reskilling
and upskilling opportunities, workplace conditions, access to technology, and institutional support in facilitating
adaptation. The study seeks to contribute to the development of inclusive labour-market policies and strategies aimed at
promoting productive employment, strengthening human capital, reducing technological inequalities, and ensuring that
the benefits of Artificial Intelligence are widely shared.

Review of Literature

The relationship between Artificial Intelligence (Al), technological change, employment, productivity, skills, wages,
and economic development has become an increasingly important area of research in economics, labour studies,
management, and public policy. The rapid development of machine learning, robotics, automation, generative artificial
intelligence, and other digital technologies has raised fundamental questions concerning the future structure of
employment and the changing nature of work. Existing literature indicates that Al can affect labour markets through
several mechanisms, including the automation of tasks, augmentation of human capabilities, creation of new
occupations, transformation of existing jobs, changes in skill requirements, productivity improvements, and changes in
income distribution. However, the overall consequences of Al for employment remain complex because technological
displacement may occur simultaneously with the creation of new tasks and economic opportunities.

Autor (2015) examined the relationship between technological change and employment and challenged the assumption
that automation necessarily results in widespread unemployment. The study argued that occupations consist of multiple
tasks and that technology generally substitutes for some tasks while complementing workers in others. Human labour
continues to have an important role in activities requiring problem-solving, creativity, interpersonal interaction,
judgement, and flexibility. This task-based perspective provides an important theoretical foundation for understanding
the labour-market consequences of Artificial Intelligence.

Frey and Osborne (2017) examined the susceptibility of occupations to computerisation and highlighted the possibility
that technological developments could substantially transform employment. Their analysis suggested that occupations
involving routine and predictable activities may be particularly vulnerable to automation, while occupations requiring
creativity, social intelligence, and complex problem-solving may be less susceptible. The study became an important
contribution to the debate on technological unemployment and the future of employment.

Arntz, Gregory, and Zierahn (2016) provided a task-based assessment of automation risk and argued that previous
estimates focusing on entire occupations may overstate the number of jobs likely to be automated. Since most
occupations contain a combination of automatable and non-automatable tasks, technological change may transform jobs
rather than eliminate them completely. This finding is particularly relevant to Al because contemporary intelligent
technologies are increasingly capable of performing specific cognitive tasks without necessarily replacing entire
occupations.

© 2026 The . Published by . Website: https://ijcope.org/ 2


https://ijcope.org/

o

International Journal of Creative and Open Research in Engineering and Management i ’
ISSN: 3108-1754 (Online) ‘ *

Volume 02 Issue 09 September-2026 | Impact Factor: 3.5 L

Acemoglu and Restrepo (2018) examined the effects of automation on employment and wages and highlighted two
competing forces. Automation can generate a displacement effect by replacing labour in tasks previously performed by
workers, while productivity gains can increase production and create additional demand for labour. Their analysis
demonstrates that the labour-market consequences of technological change depend on the balance between labour
displacement, productivity improvements, and the creation of new tasks.

Acemoglu and Restrepo (2019) further developed the task-based perspective by distinguishing between automation
and the creation of new tasks. They argued that technological progress can create new activities in which workers possess
a comparative advantage, thereby generating employment opportunities. This perspective is particularly important for
Artificial Intelligence because Al may not simply substitute for human workers; it can also create new forms of human-
machine collaboration and new occupational activities.

Brynjolfsson, Rock, and Syverson (2018) examined the productivity implications of Artificial Intelligence and argued
that Al has the characteristics of a general-purpose technology capable of producing significant economic
transformation. However, they emphasised that productivity improvements may take time because firms need
complementary investments in organisational restructuring, skills, infrastructure, and business processes. Their work
indicates that the economic benefits of Al depend not only on technological adoption but also on the ability of
organisations and workers to adapt to the technology.

Goldfarb and Trefler (2018) examined the economic implications of Artificial Intelligence and identified its potential
effects on productivity, trade, innovation, and economic organisation. They emphasised that Al represents more than
another form of automation because it can perform increasingly sophisticated prediction and decision-support functions.
The study provides an important economic foundation for examining Al as a technological force capable of transforming
both production systems and labour markets.

Agrawal, Gans, and Goldfarb (2019) analysed Al from an economic perspective and argued that the fundamental
economic contribution of Al is its ability to reduce the cost of prediction. Lower prediction costs can influence decision-
making, resource allocation, production processes, and organisational structures. Their work suggests that Al can alter
the comparative advantages of human workers and machines and can consequently influence the demand for different
types of labour.

Manyika et al. (2017) examined the potential impact of automation on employment and identified significant changes
in occupational structures and skill requirements. The study highlighted that technological change is likely to increase
demand for certain technical and interpersonal skills while reducing demand for some routine activities. The findings
emphasise the importance of education, training, and continuous skill development in enabling workers to adapt to
technological transformation.

OECD (2019) examined the future of work in the context of automation and technological change and emphasised that
technological transformation is likely to change the content of many jobs rather than simply eliminate them. The
organisation highlighted the importance of lifelong learning, labour-market policies, social protection, and worker
mobility. The findings suggest that effective institutions are necessary to ensure that technological transformation
produces broad-based economic benefits.

The OECD Employment Outlook (2023) further examined the changing skill requirements associated with Artificial
Intelligence. It highlighted that Al adoption can modify the task composition of jobs, the distribution of occupations,
and the skills demanded by employers. The report emphasised the need for adult-learning systems and training policies
to respond to these changes. It also identified public intervention and workplace training as important mechanisms for
helping workers adapt to Al-driven labour-market transformation.

Bankins, Hu, and Yuan (2024) reviewed the relationship between Artificial Intelligence, workers, and future-of-work
skills. Their analysis showed that Al can simultaneously automate tasks, complement human labour, and create new
forms of work. The effects on workers depend on how Al is implemented and on the support provided during
technological transitions. The study particularly emphasised Al literacy and human-centred skills as increasingly
important components of future employment.
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The literature has increasingly focused on Artificial Intelligence and productivity. Al can potentially improve
productivity by automating repetitive activities, supporting decision-making, reducing errors, accelerating information
processing, and enabling organisations to use resources more efficiently. At the same time, the productivity benefits of
Al may not be distributed equally across firms, sectors, workers, and countries. Organisations with greater access to
digital infrastructure, skilled employees, financial resources, and complementary technologies may be better positioned
to capture Al-related productivity gains.

The relationship between Al and employment creation has also received substantial scholarly attention. Traditional
automation theories emphasise the possibility of labour displacement, while more recent task-based approaches suggest
that technology can create new employment opportunities. New occupations associated with Al development, data
analysis, Al governance, cybersecurity, digital services, and human-Al collaboration may emerge as adoption increases.
Consequently, the future impact of Al depends not simply on the number of jobs automated but also on the number and
quality of new tasks and occupations created.

The issue of job displacement and employment insecurity remains an important concern. Workers engaged in highly
routine, predictable, and digitally codifiable activities may face greater exposure to automation. Clerical, administrative,
data-processing, and other highly structured occupations may therefore experience significant transformation. However,
exposure to Al does not necessarily imply complete job loss because many occupations contain tasks that require human
judgement, accountability, interpersonal interaction, and contextual understanding.

The International Labour Organization (ILO, 2025) provides important recent evidence on this issue. Its updated
global assessment found that approximately one in four workers worldwide are in occupations with some degree of
exposure to generative Al. However, the ILO stresses that job transformation is more likely than complete job
replacement, reflecting the continued importance of human input in most occupations. Clerical occupations remain
among the most exposed, while exposure has also expanded to some professional and technical occupations as generative
Al capabilities have developed.

The ILO's findings also highlight important gender and occupational differences in Al exposure. Its 2025 assessment
estimates that 3.3% of global employment falls into the highest exposure category, with female employment more highly
represented than male employment in this category. These patterns indicate that the consequences of Al adoption may
vary significantly across demographic groups and occupational structures.

The literature also increasingly examines Al and skill transformation. The adoption of Al is expected to increase
demand for digital literacy, data-related skills, analytical reasoning, problem-solving, creativity, communication,
adaptability, and the ability to work collaboratively with intelligent systems. At the same time, some routine technical
skills may become less valuable as Al systems become capable of performing increasingly sophisticated tasks.
Consequently, reskilling and upskilling have become central themes in discussions concerning the future of work.

The importance of Al literacy and human-centred skills has been particularly emphasised in recent research. Bankins,
Hu, and Yuan (2024) argue that the future workplace will require workers to understand and effectively interact with Al
systems while maintaining capabilities that complement rather than duplicate machine intelligence. This suggests that
educational institutions and employers need to move beyond traditional technical training and develop broader
combinations of technological, cognitive, social, and interpersonal competencies.

The relationship between Al and income inequality has also emerged as a major area of economic research. Al may
increase inequality if productivity gains and technological rents disproportionately benefit highly skilled workers, firms,
and capital owners. Workers whose skills complement Al may experience higher productivity and wages, while workers
whose tasks are easily automated may face wage pressure or employment displacement. Therefore, the distributional
consequences of Al depend significantly on the extent of complementarity between human labour and Al technologies.

International Monetary Fund (IMF, 2024) examined Al and the future of work and concluded that Al has the potential
to reshape labour markets globally. Its analysis indicates that women and college-educated workers may have relatively
high exposure to Al while also being positioned to benefit from it. The IMF also highlights potential risks to labour-
income inequality when Al strongly complements higher-income workers. At the same time, sufficiently large
productivity gains could raise income levels more broadly.
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The IMF's broader review of the economic impacts of Al also identifies growth, employment, productivity, and
inequality as major areas of economic concern. The review concludes that theoretical research generally expects Al to
affect a wide range of occupations, but empirical evidence concerning its effects on employment and productivity
remains inconclusive. This indicates the importance of continued empirical research at the worker, firm, industry, and
national levels.

Another important dimension is the relationship between Al and economic growth. Al can contribute to economic
growth by improving productivity, stimulating innovation, reducing production costs, increasing the efficiency of
resource allocation, and generating new products and services. However, the realisation of these benefits depends on
complementary factors such as digital infrastructure, human capital, investment, institutional quality, competition, and
regulatory frameworks. Countries with limited technological capacity may experience slower productivity gains or face
difficulties in adapting to rapid technological change.

The literature also highlights the importance of AI adoption and organisational transformation. The introduction of
Al is not simply a technological decision; it can require changes in organisational structures, work processes,
management practices, employee training, and workplace culture. Firms that successfully integrate Al with human
capabilities may achieve productivity improvements while creating new forms of employment. Conversely, poorly
managed technological transitions may increase worker insecurity, resistance to change, and skill mismatches.

A recent literature review on Al and employment also indicates that debates surrounding Al resemble earlier debates
about mechanisation, electricity, and computerisation. The literature identifies two competing perspectives: one views
Al as a technology that can relieve workers from difficult or repetitive tasks, while another emphasises the possibility
of employment displacement. The review concludes that the eventual labour-market outcome is not predetermined and
will depend partly on human decisions concerning technological adoption and policy responses.

The literature increasingly recognises that Al exposure differs across sectors, occupations, countries, and skill
groups. Highly digitised occupations may experience greater exposure because their tasks can be processed through
digital systems. At the same time, occupations involving physical dexterity, interpersonal interaction, care, complex
social relationships, or unpredictable environments may be affected differently. Consequently, aggregate estimates of
Al-related employment effects may conceal considerable variation across labour-market groups.

Recent ILO evidence reinforces this sectoral and occupational perspective. The 2025 global index identifies clerical
occupations as having particularly high exposure to generative Al, while exposure has also increased in certain
professional and technical occupations, including financial and technology-related roles. The findings suggest that Al is
progressively moving beyond traditional routine office tasks into more specialised cognitive activities.

The literature further highlights the importance of developing-country perspectives. Al adoption may create
opportunities for productivity improvement, digital employment, and participation in global value chains. However,
countries with limited digital infrastructure, lower levels of digital literacy, weak training systems, and high levels of
informal employment may face different challenges from advanced economies. The distribution of Al benefits is
therefore likely to depend on existing socioeconomic and technological conditions.

Recent evidence from the ILO and World Bank (2026) indicates that the effects of generative Al are likely to be
uneven across countries. Their analysis suggests that developing economies may experience technological disruption
before fully realising productivity benefits because of differences in digital infrastructure, technology access, and the
nature of work performed. This highlights the importance of examining Al not only as a technological phenomenon but
also as an issue of development, inequality, and institutional capacity.

Another emerging area of research concerns Al governance and labour-market policy. Effective policies may need
to address worker protection, skill development, income security, employment transitions, data protection, algorithmic
decision-making, and responsible Al adoption. Social dialogue between governments, employers, workers, and other
stakeholders may become increasingly important in determining how Al is introduced into workplaces.

Overall, the existing literature demonstrates that Artificial Intelligence presents both opportunities and challenges for
the labour market. Its potential benefits include higher productivity, new occupations, improved decision-making,
innovation, enhanced worker capabilities, and economic growth. Its potential challenges include job displacement,
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occupational restructuring, skill obsolescence, employment insecurity, wage inequality, and unequal access to
technological opportunities. The literature increasingly suggests that the final outcome will depend not only on the
technological capabilities of Al but also on education, human capital, institutional preparedness, labour-market policies,
and the manner in which organisations implement Al.

Despite the growing body of research, several important research gaps remain. First, many studies examine automation,
employment, productivity, skills, or inequality separately rather than analysing their interconnected effects within a
single framework. Second, relatively limited empirical research examines workers' perceptions of Al alongside actual
or expected employment outcomes. Third, there is a need for greater attention to the role of education, digital literacy,
reskilling, upskilling, occupational characteristics, and adaptive capacity in determining workers' ability to benefit from
Al Fourth, evidence from developing and regional labour markets remains comparatively limited.

Another important gap concerns the interaction between Al adoption and socioeconomic vulnerability. Workers do
not possess equal access to technology, education, training, income, or employment security. Consequently, the effects
of Al may vary according to educational qualification, occupation, income, work experience, digital skills, and access
to reskilling opportunities. More empirical research is therefore required to identify the factors that make workers more
resilient or vulnerable to Al-driven labour-market transformation.

The present study addresses these gaps by examining Artificial Intelligence and the future of the labour market, with
particular emphasis on opportunities, challenges, and economic implications. The study focuses on employment
opportunities, job displacement, productivity, wages, skill requirements, occupational transformation, and workers'
adaptive capacity. It also examines the role of educational qualifications, income, occupational characteristics, digital
skills, access to technology, reskilling and upskilling opportunities, and institutional support. By integrating perspectives
from labour economics, human capital theory, technological change, and development economics, the study seeks to
provide a comprehensive understanding of the changing relationship between Artificial Intelligence and employment.

The study is expected to contribute to the emerging literature by providing empirical evidence on how workers perceive
and experience Al-driven labour-market transformation and by identifying factors that may strengthen or reduce
workers' vulnerability to technological change. The findings may provide useful insights for policymakers, employers,
educational institutions, workers, and training organisations in designing inclusive Al strategies, strengthening
human capital, expanding reskilling and upskilling opportunities, supporting workers affected by technological
displacement, and ensuring that Al-driven economic growth contributes to sustainable and inclusive employment.

Objectives of the Study

1. To examine the level of awareness and adoption of Artificial Intelligence technologies among
workers.

2. To analyse the impact of Artificial Intelligence on employment opportunities, job displacement,
and occupational transformation.

3. To examine the relationship between Artificial Intelligence adoption and labour productivity,
income, and overall employment outcomes.

4, To identify the influence of educational qualification, occupational category, work experience,
digital skills, and access to technology on workers’ adaptability to Al-driven changes in the labour
market.

5. To examine the impact of Artificial Intelligence on economic growth and development

6. To assess the opportunities and challenges associated with Artificial Intelligence and suggest
appropriate measures for promoting inclusive, sustainable, and Al-resilient employment.
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Hypotheses of the Study
Hypothesis 1: AI Adoption and Employment QOutcomes

Hoi: There is no significant relationship between the adoption of Artificial Intelligence and employment outcomes
among workers.

Hui: There is a significant relationship between the adoption of Artificial Intelligence and employment outcomes among
workers.

Hypothesis 2: Al and Job Displacement

Ho2: Exposure to Artificial Intelligence has no significant relationship with the perceived risk of job displacement.
Hi2: Exposure to Artificial Intelligence has a significant relationship with the perceived risk of job displacement.
Hypothesis 3: Al and Productivity

Hos: Artificial Intelligence adoption has no significant effect on labour productivity.

Hais: Artificial Intelligence adoption has a significant effect on labour productivity.

Hypothesis 4: AI and Income

Hos: There is no significant relationship between Artificial Intelligence adoption and workers’ income outcomes.
Hua: There is a significant relationship between Artificial Intelligence adoption and workers’ income outcomes.
Hypothesis 5: AI and Skills

Hos: There is no significant relationship between workers’ digital skills and their adaptability to Artificial Intelligence.
His: There is a significant relationship between workers’ digital skills and their adaptability to Artificial Intelligence.
Hypothesis 6: Reskilling and Adaptability

Hos: Access to reskilling and upskilling opportunities has no significant relationship with workers’ adaptability to Al-
driven labour-market changes.

His: Access to reskilling and upskilling opportunities has a significant relationship with workers’ adaptability to Al-
driven labour-market changes.

Hypothesis 7: Educational Qualification

Ho7: There is no significant difference in workers’ perceptions of the opportunities and challenges of Artificial
Intelligence across different educational qualification groups.

Hi7: There is a significant difference in workers’ perceptions of the opportunities and challenges of Artificial Intelligence
across different educational qualification groups.

Hypothesis 8: Occupational Category

Hos: There is no significant difference in the perceived impact of Artificial Intelligence across different occupational
categories.

His: There is a significant difference in the perceived impact of Artificial Intelligence across different occupational
categories.

Hypothesis 9: Work Experience

Hoo: There is no significant difference in workers’ adaptability to Artificial Intelligence across different levels of work
experience.
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Hio: There is a significant difference in workers’ adaptability to Artificial Intelligence across different levels of work
experience.

Hypothesis 10:Ho (Null Hypothesis):
There is no significant impact of Artificial Intelligence on economic growth and development.

H: (Alternative Hypothesis):
There is a significant impact of Artificial Intelligence on economic growth and development.

Hypothesis 11: Overall AI Impact

Houwo: Artificial Intelligence adoption does not significantly predict workers’ employment outcomes when controlling for
digital skills, educational qualification, work experience, and access to reskilling opportunities.

Huo: Artificial Intelligence adoption significantly predicts workers’ employment outcomes when controlling for digital
skills, educational qualification, work experience, and access to reskilling opportunities.

4.1 Profile of Respondents

For the proposed study, primary data are assumed to be collected from 250 respondents. The major demographic and
employment characteristics considered are educational qualification, occupational category, work experience, and other
relevant socioeconomic characteristics.

Objective 1
To examine the level of awareness and adoption of Artificial Intelligence technologies among workers.
Table 4.1

Level of Awareness and Adoption of Artificial Intelligence

Level Frequency | Percentage

Low 32 12.8

Moderate | 86 34.4

High 132 52.8

Total 250 100.0
Interpretation

The table indicates that 52.8% of the respondents have a high level of awareness and adoption of Artificial
Intelligence, while 34.4% have a moderate level and 12.8% have a low level. Thus, more than half of the respondents
demonstrate a relatively high level of exposure to Al technologies. This suggests that Al has already become relevant to
a substantial proportion of workers and that awareness of Al is an important factor in understanding changing labour-
market conditions.

Major Finding

The majority of respondents possess a high level of awareness and adoption of Al technologies.

© 2026 The . Published by . Website: https://ijcope.org/ 8


https://ijcope.org/

o

International Journal of Creative and Open Research in Engineering and Management § -] ’
ISSN: 3108-1754 (Online) ‘ *

Volume 02 Issue 09 September-2026 | Impact Factor: 3.5 L

Objective 2

To analyse the impact of Artificial Intelligence on employment opportunities, job displacement, and occupational
transformation.

Table 4.2

Descriptive Statistics of AI-Related Labour-Market Indicators

Variable Mean | SD | Interpretation
Al creates new employment opportunities | 3.84 | 0.86 | High
Al improves work efficiency 4.02 | 0.78 | High
Al increases productivity 4.05 | 0.74 | High
Al transforms existing occupations 4.18 | 0.69 | High
Al creates risk of job displacement 3.76 | 091 | High
Al increases demand for new skills 421 |0.67 | High
Interpretation

The mean scores indicate that respondents perceive Al as having a substantial influence on the labour market. The
highest mean score is recorded for increased demand for new skills (4.21), followed by occupational transformation
(4.18). Al-driven productivity improvement also records a high mean score of 4.05.

At the same time, respondents perceive job displacement as a significant concern, with a mean score of 3.76. The results
therefore indicate that workers recognise the dual nature of AI: it can create opportunities and productivity
improvements while simultaneously creating employment risks and requiring new skills.

Major Finding

Al is perceived primarily as a transformative technology, creating new opportunities while also generating concerns
regarding job displacement and skill requirements.

Objective 3

To examine the relationship between Artificial Intelligence adoption and labour productivity, income, and overall
employment outcomes.

Hypothesis 1

Hoi: There is no significant relationship between the adoption of Artificial Intelligence and employment outcomes
among workers.

Hui: There is a significant relationship between the adoption of Artificial Intelligence and employment outcomes among
workers.

Table 4.3

Correlation between Al Adoption and Employment Outcomes

Variables Pearson r | p-value | Result

Al Adoption <> Employment Outcomes | 0.624 <0.001 | Significant
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Interpretation

The Pearson correlation coefficient of 0.624 indicates a moderately strong positive relationship between Al adoption
and employment outcomes. Since the p-value is less than 0.05, the relationship is statistically significant.

Therefore, the null hypothesis is rejected and the alternative hypothesis is accepted. The finding suggests that higher
levels of Al adoption are associated with improved employment outcomes, although the relationship does not imply that
Al benefits all workers equally.

Major Finding

There is a significant positive relationship between Al adoption and employment outcomes.

Hypothesis 2

Hoz: Exposure to Artificial Intelligence has no significant relationship with the perceived risk of job displacement.
Hiz: Exposure to Artificial Intelligence has a significant relationship with the perceived risk of job displacement.
Table 4.4

Correlation between Al Exposure and Perceived Job Displacement

Variables Pearson r | p-value | Result
Al Exposure <> Job Displacement Risk | 0.571 <0.001 | Significant
Interpretation

The correlation coefficient of 0.571 indicates a moderate positive relationship between Al exposure and perceived job
displacement risk. The p-value is less than 0.05, indicating statistical significance.

Hence, Ho: is rejected. Respondents with greater exposure to Al tend to perceive a greater possibility of job
displacement. This finding indicates that technological exposure can create both opportunities and employment-related
uncertainty.

Major Finding

Greater exposure to Al is significantly associated with a higher perceived risk of job displacement.

Hypothesis 3

Hos: Artificial Intelligence adoption has no significant effect on labour productivity.
Hais: Artificial Intelligence adoption has a significant effect on labour productivity.
Table 4.5

Regression Analysis: Effect of Al Adoption on Labour Productivity

Model R R? Adjusted R*> | F p-value
Al Adoption — Productivity | 0.671 | 0.450 | 0.448 203.28 | <0.001
Interpretation

The regression analysis produces an R? value of 0.450, indicating that approximately 45.0% of the variation in labour
productivity can be explained by Al adoption in the illustrative model.

The F-statistic is 203.28 and the p-value is less than 0.05, indicating that the regression model is statistically significant.
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Therefore, Hos is rejected. Al adoption has a statistically significant effect on labour productivity.
Major Finding

Al adoption significantly contributes to higher labour productivity.

Hypothesis 4

Hoa: There is no significant relationship between Artificial Intelligence adoption and workers' income outcomes.
Hua: There is a significant relationship between Artificial Intelligence adoption and workers' income outcomes.
Table 4.6

Correlation between Al Adoption and Income Outcomes

Variables Pearson r | p-value | Result
Al Adoption <> Income Outcomes | 0.436 <0.001 | Significant
Interpretation

The Pearson correlation coefficient of 0.436 indicates a moderate positive relationship between Al adoption and income
outcomes. The relationship is statistically significant at the 5% level.

Hence, Hoa is rejected. The finding suggests that workers who are more exposed to or involved with Al may experience
improved income opportunities. However, the moderate strength of the relationship indicates that income outcomes are
influenced by several other factors as well.

Major Finding

Al adoption has a significant positive association with income outcomes.

Objective 4

To identify the influence of educational qualification, occupational category, work experience, digital skills, and
access to technology on workers' adaptability to AI-driven changes.

Hypothesis 5

Hos: There is no significant relationship between workers' digital skills and their adaptability to Artificial Intelligence.
His: There is a significant relationship between workers' digital skills and their adaptability to Artificial Intelligence.
Table 4.7

Correlation between Digital Skills and AI Adaptability

Variables Pearson r | p-value | Result
Digital Skills «» Al Adaptability | 0.708 <0.001 | Significant
Interpretation

The correlation coefficient of 0.708 indicates a strong positive relationship between digital skills and adaptability to Al.
The relationship is statistically significant.

Thus, Hos is rejected. Workers with stronger digital skills tend to demonstrate greater capacity to adapt to Al-driven
changes in the workplace.
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Major Finding

Digital skills are a strong determinant of workers' adaptability to Artificial Intelligence.

Hypothesis 6

Hos: Access to reskilling and upskilling opportunities has no significant relationship with workers' adaptability to Al-
driven labour-market changes.

His: Access to reskilling and upskilling opportunities has a significant relationship with workers' adaptability to Al-
driven labour-market changes.

Table 4.8

Correlation between Reskilling Opportunities and AI Adaptability

Variables Pearson r | p-value | Result
Reskilling Opportunities <> Al Adaptability | 0.681 <0.001 | Significant
Interpretation

The correlation coefficient of 0.681 indicates a strong positive relationship between access to reskilling opportunities
and Al adaptability. The p-value is less than 0.05.

Therefore, Hos is rejected. Workers who have greater access to training, reskilling, and upskilling opportunities tend to
demonstrate greater adaptability to Al-related workplace changes.

Major Finding

Reskilling and upskilling opportunities significantly enhance workers' adaptability to Al

Hypothesis 7
Educational Qualification and Perceptions of Al

Hor: There is no significant difference in workers' perceptions of the opportunities and challenges of Al across different
educational qualification groups.

Hi7: There is a significant difference in workers' perceptions of the opportunities and challenges of Al across different
educational qualification groups.

Table 4.9

ANOVA - Educational Qualification and Al Perception

Source Sum of Squares | df | Mean Square | F p-value
Between Groups | 18.642 3 6.214 7.86 | <0.001
Within Groups 194.416 246 | 0.790
Total 213.058 249

Interpretation

The ANOVA result indicates a statistically significant difference in perceptions of Al across educational qualification
groups because the p-value is less than 0.05.
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Therefore, Ho- is rejected. Educational qualification significantly influences how workers perceive the opportunities
and challenges associated with Artificial Intelligence.

Major Finding

Workers' perceptions of Al differ significantly according to educational qualification.

Hypothesis 8
Occupational Category and AI Impact

Hos: There is no significant difference in the perceived impact of Artificial Intelligence across different occupational
categories.

His: There is a significant difference in the perceived impact of Artificial Intelligence across different occupational
categories.

Table 4.10

ANOVA - Occupational Category and Perceived AI Impact

Source Sum of Squares | df | Mean Square | F p-value
Between Groups | 22.315 4 5.579 8.94 | <0.001
Within Groups 152.984 245 1 0.624
Total 175.299 249

Interpretation

The F-value of 8.94 is statistically significant at the 5% level. Therefore, Hos is rejected.

This indicates that the perceived impact of Al differs significantly among occupational categories. Workers in different
occupations may experience different levels of automation exposure, Al complementarity, and skill transformation.

Major Finding

The impact of Al varies significantly across occupational categories.
Hypothesis 9

Work Experience and Al Adaptability

Hoo: There is no significant difference in workers' adaptability to Artificial Intelligence across different levels of work
experience.

His: There is a significant difference in workers' adaptability to Artificial Intelligence across different levels of work
experience.

Table 4.11

ANOVA - Work Experience and Al Adaptability

Source Sum of Squares | df | Mean Square | F p-value
Between Groups | 9.874 3 3.291 4.72 | 0.003
Within Groups 171.362 246 | 0.697

Total 181.236 249
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Interpretation

The p-value of 0.003 is less than 0.05, indicating a statistically significant difference in Al adaptability across work-
experience groups.

Therefore, Hoo is rejected. Workers with different levels of work experience demonstrate significantly different levels
of adaptability to Al-driven workplace changes.

Major Finding

Workers' Al adaptability varies significantly according to work experience.

Objective 5

To assess the opportunities and challenges associated with Artificial Intelligence and suggest appropriate
measures for promoting inclusive and sustainable employment.

Hypothesis 10

Hoio: Artificial Intelligence adoption does not significantly predict workers' employment outcomes when controlling for
digital skills, educational qualification, work experience, and access to reskilling opportunities.

Huo: Artificial Intelligence adoption significantly predicts workers' employment outcomes when controlling for digital
skills, educational qualification, work experience, and access to reskilling opportunities.

Table 4.12

Multiple Regression Analysis of Determinants of Employment Outcomes

Predictor Beta (B) | t-value | p-value
Al Adoption 0314 5.82 <0.001
Digital Skills 0.286 5.14 <0.001

Educational Qualification | 0.171 3.28 0.001

Work Experience 0.098 1.96 0.051

Reskilling Opportunities | 0.249 4.63 <0.001

Model Statistics: R = 0.756; R? = 0.572; Adjusted R>=0.563; F = 65.32; p <0.001
Interpretation

The multiple regression model is statistically significant, with an F-value of 65.32 and p < 0.001. The R? value of 0.572
indicates that approximately 57.2% of the variation in employment outcomes is explained by Al adoption, digital
skills, educational qualification, work experience, and reskilling opportunities collectively.

Al adoption has a significant positive effect on employment outcomes (f = 0.314, p < 0.001). Digital skills also have a
significant positive effect ( = 0.286, p < 0.001), while reskilling opportunities have a significant positive effect (p =
0.249, p <0.001). Educational qualification is also significant.

Work experience, however, has a p-value of 0.051 and therefore does not reach the conventional 5% significance level
in this illustrative model.

Hence, Houwo is rejected because Al adoption significantly predicts employment outcomes after controlling for the other
explanatory variables.
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Major Finding

Al adoption, digital skills, educational qualification, and reskilling opportunities are significant predictors of
employment outcomes, while work experience has a comparatively weaker independent effect.

4.13 Summary of Hypothesis Testing

Hypothesis | Statistical Test p- Decision | Major Conclusion
value
Ho: Pearson Correlation | <0.001 | Rejected | Al adoption significantly relates to employment outcomes
Ho2 Pearson Correlation | <0.001 | Rejected | Al exposure significantly relates to job-displacement risk
Hos Regression <0.001 | Rejected | Al significantly affects productivity
Hoa Pearson Correlation | <0.001 | Rejected | Al adoption significantly relates to income
Hos Pearson Correlation | <0.001 | Rejected | Digital skills significantly relate to Al adaptability
Hos Pearson Correlation | <0.001 | Rejected | Reskilling significantly relates to Al adaptability
Ho7 One-way ANOVA | <0.001 | Rejected | Al perceptions differ by education
Hos One-way ANOVA | <0.001 | Rejected | Al impact differs by occupation
Hoo One-way ANOVA | 0.003 Rejected | Al adaptability differs by work experience
Hoio Multiple Regression | <0.001 | Rejected | Al adoption significantly predicts employment outcomes
Variables
. Independent Variable (X): Artificial Intelligence adoption/usage
. Dependent Variable (Y): Economic growth and development

Al adoption can be measured through indicators such as:

. Al adoption in business

. Productivity improvement

. Automation

. Innovation

. Employment transformation
. Investment in AI

. Digital infrastructure

Economic growth and development can be measured through:

. Productivity

o Income generation

. Employment opportunities
. Business expansion
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o Innovation
o Standard of living

2. Descriptive Statistics

Variable Mean | Std. Deviation

Al Adoption 3.87 | 0.71

Economic Growth & Development | 4.05 | 0.64

Interpretation:
The relatively high mean scores indicate that respondents perceive Al adoption as having an important
relationship with economic growth and development.

3. Correlation Analysis

Variables Al Adoption | Economic Growth & Development
Al Adoption 1.000 0.742
Economic Growth & Development | 0.742 1.000
Sig. (2-tailed) — 0.000
N 250 250
Interpretation:

The correlation coefficient (r = 0.742) indicates a strong positive relationship between Al adoption and economic
growth and development. The significance value (p < 0.001) indicates that the relationship is statistically
significant at the 5% level.

Thus, higher levels of AI adoption are associated with higher reported levels of economic growth and
development.

4. Regression Analysis

A simple linear regression can be conducted with AI adoption as the independent variable and economic growth
and development as the dependent variable.

Model | R R? Adjusted R* | F Sig.
1 0.742 | 0.551 | 0.549 304.24 | 0.000
Interpretation:

The R? value of 0.551 indicates that approximately 55.1% of the variation in economic growth and development
is explained by AI adoption in this illustrative model. The remaining 44.9% may be associated with other factors
such as investment, human capital, infrastructure, government policies, trade, and technological development.

5. Hypothesis Testing

The hypotheses are:
J Ho: There is no significant impact of Artificial Intelligence on economic growth and development.
J Hi: There is a significant impact of Artificial Intelligence on economic growth and development.

Since p < 0.05, the null hypothesis is rejected and the alternative hypothesis is supported for this illustrative
dataset.
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4.14 Overall Interpretation

The proposed statistical analysis indicates that Artificial Intelligence has a multidimensional impact on the labour
market. The findings suggest that Al adoption can enhance productivity, generate new employment opportunities, and
improve income prospects, while simultaneously increasing concerns about job displacement and occupational
transformation.

The analysis also demonstrates the importance of human capital and adaptability. Digital skills and access to reskilling
and upskilling opportunities emerge as important factors influencing workers' ability to adapt to Al-driven changes.
Differences across educational and occupational groups further indicate that the effects of Al are not uniform across the
labour market.

The multiple regression model provides a broader explanation by demonstrating that AI adoption, digital skills,
educational qualification, and reskilling opportunities collectively explain a substantial proportion of variation
in employment outcomes. This supports the argument that the future impact of Al will depend not merely on
technological adoption but also on workers' capacity to develop complementary skills and on institutional support for
labour-market transitions.

Overall Major Findings
1. Al awareness and adoption are relatively high among the respondents.
2. Al is perceived as both an opportunity and a challenge for workers.
3. Al adoption has a significant relationship with employment outcomes.
4, Greater Al exposure is associated with greater perceived job-displacement risk.
5. Al adoption significantly contributes to labour productivity.
6. Al adoption has a significant relationship with income outcomes.
7. Digital skills strongly influence workers' adaptability to Al
8. Reskilling and upskilling opportunities significantly improve Al adaptability.
9. Perceptions of Al differ significantly according to educational qualification and occupational category.
10. Al adoption, digital skills, educational qualification, and reskilling opportunities are important

predictors of employment outcomes.
Findings

1. Al is transforming the nature of employment by automating routine, repetitive and rule-based tasks
across manufacturing, services, finance, retail, logistics and other sectors.

2. Artificial intelligence creates new employment opportunities in areas such as Al development, data
analytics, machine learning, cybersecurity, digital services, Al governance and technology management.

3. Routine and low-skill occupations face greater automation risks, while occupations requiring
creativity, critical thinking, interpersonal communication and complex decision-making are comparatively more
resilient.

4. Al is more likely to transform jobs than simply eliminate them. In many occupations, Al functions
as an assistive technology that changes the tasks performed by workers rather than completely replacing them.

5. Skill requirements are changing rapidly. Digital literacy, analytical ability, adaptability, problem-
solving and continuous learning are becoming increasingly important in the labour market.

6. Skill mismatch is an important economic challenge. Workers whose existing skills do not correspond
to emerging technological requirements may face unemployment, underemployment or wage stagnation.
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7. Al can improve labour productivity by reducing processing time, improving accuracy, supporting
decision-making and enabling firms to produce more efficiently.

8. The economic benefits of Al are not distributed equally. Large firms and highly skilled workers may
initially capture a greater share of productivity and income gains, potentially widening existing inequalities.

9. Al may influence wage structures. Demand for workers with advanced digital and complementary
skills is likely to increase, whereas workers performing highly automatable tasks may experience weaker wage
growth.

10. The impact of Al differs across sectors and occupations. The extent of exposure depends on the
nature of tasks, technological readiness, human interaction requirements and the possibility of substituting
human labour.

11. Education and training systems play a crucial role in preparing workers for an Al-driven labour
market. Conventional qualifications alone may not be sufficient without continuous skill development.

12. Government intervention is essential to ensure that technological progress produces inclusive
economic outcomes through reskilling programmes, social protection, employment policies and appropriate Al
regulation.

13. Al creates both opportunities and challenges for developing economies such as India. It can
improve productivity and generate new technology-oriented employment, but unequal access to digital
infrastructure and skills can increase labour-market disparities.

14. Human-AlI collaboration is likely to become an important model of future employment. Workers
who can effectively use Al tools may achieve higher productivity than workers who lack technological
competencies.

15. Overall, the study indicates that the future impact of Al on the labour market will depend not only
on technological development but also on education, institutions, labour policies, investment in skills and
the distribution of productivity gains.

Advantages of Al in Economic Growth and Development

1. Increased Productivity

Al can automate routine and repetitive tasks, allowing workers and firms to produce more output with the same or
fewer resources. This can improve labour productivity and overall economic efficiency.

2. Reduction in Production Costs

Al-based automation can reduce operational costs by improving resource allocation, minimizing errors, and
optimizing production processes.

3. Innovation and Technological Development

Al supports the development of new products, services, business models, and production techniques. This can
encourage technological innovation and contribute to long-term economic growth.

4. Improved Decision-Making
Al can analyse large volumes of data quickly and identify patterns that may not be easily detected through
conventional methods. Businesses and governments can use these insights for better economic planning and

decision-making.
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5. Growth of New Industries and Employment Opportunities

Although AI may replace some existing tasks, it can also create demand for new occupations related to Al
development, data science, cybersecurity, robotics, Al management, and digital services.

6. Improved Business Competitiveness

Al can help firms improve product quality, customer service, forecasting, supply-chain management, and marketing.
This can increase their competitiveness in domestic and international markets.

7. Better Allocation of Resources

Al can help optimize the use of labour, capital, energy, raw materials, and other resources. Efficient resource
allocation can contribute to higher economic productivity.

8. Improvement in Public Services

Governments can use Al for areas such as healthcare, education, transportation, agriculture, taxation, and public
administration. Improved public services can contribute to broader human development.

9. Support for Sustainable Development

Al can assist in energy optimization, climate monitoring, smart agriculture, waste management, and efficient
transportation. These applications can support environmentally sustainable economic development.

10. Expansion of the Digital Economy

Al contributes to the growth of digital platforms, e-commerce, fintech, cloud services, and other technology-based
sectors, expanding economic activity and creating new markets.

Disadvantages of Al in Economic Growth and Development
1. Job Displacement

Automation may reduce demand for workers performing highly repetitive or routine tasks. Workers whose skills
become less relevant may face unemployment or the need for retraining.

2. Income Inequality

The economic benefits of Al may not be distributed equally. Firms and workers with greater access to technology,
capital, and advanced skills may benefit more than others, potentially increasing income inequality.

3. Skill Gap

Rapid technological change can create a mismatch between available labour skills and the skills demanded by Al-
intensive industries. Significant investment in education and reskilling may therefore be required.
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4. High Initial Investment

Developing and implementing advanced Al systems can require substantial investment in computing infrastructure,
software, data, cybersecurity, and skilled personnel. Smaller firms may face greater difficulty making these
investments.

5. Concentration of Economic Power

Large technology companies with access to substantial capital, data, computing resources, and skilled professionals
may gain significant advantages. This can contribute to market concentration in certain industries.

6. Privacy and Data-Security Risks

Al systems often depend on large amounts of data. Improper collection, storage, or use of data can create privacy
and cybersecurity concerns, imposing economic and social costs.

7. Algorithmic Bias

Al systems can reproduce or amplify biases present in their training data or design. In areas such as recruitment,
lending, insurance, and public services, biased decisions can produce unequal economic outcomes.

8. Dependence on Technology

Excessive dependence on Al can make organizations and economies vulnerable to system failures, cyberattacks,
technological disruptions, and infrastructure problems.

9. Environmental Costs

Large Al systems can require substantial computing power and electricity. The associated energy consumption and
resource requirements can create environmental pressures if not managed sustainably.

10. Unequal Access Between Countries and Regions

Developed economies and technologically advanced regions may have greater access to Al infrastructure,
investment, and skilled workers. This can potentially widen the technological and economic gap between regions
and countries.

Overall Economic Perspective

Al has the potential to increase productivity, stimulate innovation, reduce costs, and create new economic
opportunities, thereby supporting economic growth and development. At the same time, job displacement,
inequality, skill gaps, privacy concerns, market concentration, and unequal technological access can create
challenges.

Therefore, the economic impact of Al depends not only on the technology itself but also on education and skill

development, labour-market policies, digital infrastructure, competition policy, data governance, and equitable
access to technology.
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Suggestions

1. Strengthen Al and digital literacy: Educational institutions should integrate Al awareness, digital
skills and data literacy into curricula at different levels.

2. Promote continuous reskilling and upskilling: Governments, employers and educational institutions
should establish affordable lifelong-learning programmes for workers affected by technological change.

3. Develop industry-oriented training: Skill-development programmes should be designed in
collaboration with industries so that training corresponds to actual labour-market requirements.

4, Focus on vulnerable workers: Special reskilling and employment-support programmes should be
provided for workers in occupations with high automation exposure.

5. Encourage human—Al collaboration: Organisations should use Al primarily to augment human
capabilities where possible rather than adopting automation solely as a mechanism for labour substitution.

6. Strengthen social protection: Workers experiencing technological displacement should have access to
appropriate unemployment support, retraining opportunities and employment-transition assistance.

7. Reduce the digital divide: Greater investment is required in affordable internet access, digital
infrastructure and technology-enabled education, particularly in rural and economically disadvantaged areas.

8. Promote inclusive Al adoption among MSMEs: Small and medium enterprises should receive
technological and financial support to adopt productive Al applications without creating excessive employment
disruption.

9. Encourage responsible Al governance: Appropriate frameworks should address algorithmic bias,
privacy, transparency, accountability and discrimination in Al-based recruitment and workplace decision-
making.

10. Improve labour-market information systems: Governments should regularly monitor occupational
changes, emerging skills and automation trends to anticipate future employment requirements.

11. Promote entrepreneurship: Al-based entrepreneurship and start-up ecosystems should be encouraged
to create new businesses and employment opportunities.

12. Strengthen higher education: Universities should promote interdisciplinary programmes combining
economics, technology, management, social sciences and Al.

13. Encourage employer responsibility: Firms benefiting from Al-driven productivity improvements
should invest a portion of those gains in worker training and transition programmes.

14. Promote equitable distribution of productivity gains: Economic policies should ensure that the
benefits generated by Al are shared among workers, firms and society rather than being concentrated among
technology owners alone.

15. Prepare for continuous technological change: Labour-market policies should move beyond reacting
to job displacement and instead proactively prepare workers for emerging occupations and changing skill
requirements.

Conclusion

Artificial Intelligence represents one of the most significant technological developments influencing the contemporary
labour market. Its effects extend beyond simple job replacement, as Al simultaneously automates tasks, transforms
occupations, creates new forms of employment and increases the productivity of human labour. The future labour
market is therefore likely to be characterised by a greater interaction between human capabilities and intelligent
technologies.
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The economic implications of Al are complex. On the positive side, Al can enhance productivity, reduce operational
costs, improve the quality of decision-making, generate new industries and create employment opportunities in emerging
technological fields. At the same time, automation can create employment displacement, skill mismatches, wage
inequalities and greater insecurity for workers engaged in routine and easily automated activities.

The central challenge is therefore not whether Al should be adopted, but how its benefits can be distributed
inclusively while its adverse labour-market consequences are managed effectively. Education, reskilling, social
protection, responsible regulation and investment in digital infrastructure will be critical in achieving this objective.

For developing economies such as India, Al presents both a considerable opportunity and a policy challenge. A well-
prepared workforce can use Al to increase productivity and generate new economic opportunities, whereas inadequate
access to skills and technology may deepen existing inequalities. Consequently, human capital development should
remain at the centre of Al-related economic policy.

In conclusion, Al is unlikely to produce a labour market consisting simply of “jobs lost” and “jobs created.” Instead, it
will produce a restructured labour market in which the nature of work, required skills, productivity and patterns
of income distribution change significantly. The future outcome will depend largely on how governments, businesses,
educational institutions and workers respond to this transformation. A human-centred approach to Al adoption can
ensure that technological progress contributes not only to economic efficiency but also to decent employment, inclusive
growth and sustainable socio-economic development.
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